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TOTAL EDA CLEARED SaMD PRODUCTS: 455 e aaractrer
Subspecialty PET us Null 3D-Angid w
Abdominal 28 25 13 2 3
Cardiac 20 19 2 8
Chest 9 [

Musculoskeletal 22 10 4 1 22
veuroradiology - 1 , [
Breast Imaging 8 6 6 1 31
Pediatric 5 9 3 19

https://aicentral.acrdsi.org/Al-Landscape
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RADIOLOGY .

Health Al Register

Products

adiology that you are looking for. All products

299/299 products

31/03/2026 https://www.healthairegister.com/radiology/products o

Find the artificial intelligen

listed are available for thqlEuropean market (CE marked).
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IMAGING VALUE CHAIN
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SCHEDULING:

By analysing past data, Al
helps optimise staff and
scanner rosters, reducing
patient wait times.

FOLLOW-UP AND

MONITORING:

Al schedules follow-up scans
and tracks disease progress
by comparing current and
previous images, ensuring
top-notch continuity of care.

SCANNING:

Al ensures the right
imaging procedure is
selected, reducing
radiation exposure by
picking the optimal scan
settings.

ADVERSE EVENTS:
Al forecasts potential
complications by
comparing a patient's
imaging data with

ACQUISITION:

Real-time scanner

adjustments by Al
improve image quality

and cut down scan times.

TREATMENT

RESPONSE:
Learning from past
cases, Al predicts a

patient's likely response

C=£=
Ililiiq
im

INTERPRETATION:
Radiologists receive help
from Al ininterpreting
images and spotting
urgent cases.

RECOMMENDATION:
Al system correlates
patient data to provide
actionable insights for
further diagnostics or

REPORTING:
Standardised radiology
reports are a breeze with
Al's auto-fill features
based on image
interpretation.

COMMUNICATION:
By integrating with
hospital systems like
EHRs, Al ensures the
right blokes and sheilas
get the imaging results in

historical data of similar to treatments, aiding in treatments.
cases. treatment efficacy no time.
evaluations.

Najjar R. Redefining Radiology: A Review of Atrtificial Intelligence Integration in Medical Imaging. Diagnostics (Basel). 2023 Aug
25;13(17):2760. doi: 10.3390/diagnostics13172760. PMID: 37685300; PMCID: PMC10487271.
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Stage of radiology workflow Count

Scheduling 1

Scanning 0

Communication
Recommendation
Treatment response

Adverse events

0
0
0
0
0

Follow-up and monitoring

Erasmus MC

81/03/2026 Verwey J, Zwart B, IJzerman M, Visser JJ, Siilz S. Factors influencing Al acceptance in radiology: a systematic review across the
radiology workflow. Eur Radiol. 2025 Nov 21. doi: 10.1007/s00330-025-12129-4. Epub ahead of print. PMID: 41269301.
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ADDED VALUE
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Level 7 Level 1

efficacy efficacy

1. Technical efficacy Applicability
2 Diagnostic accuracy Sensitivity, specificity
efficacy

3. Diagnostic thinkj mpact on diagnosis

Level 6

Cost-

erapeutic efficacy Impact on treatme
decisions

5. Patient outcomes efficacy Overall survival

effective-

ness demons! v RADAR

. Societal efficacy Cost-effectiveness
Radiology Al
Deployment and
Assessment Rubric

efficacy

Level 5

Patient
outcome ., : thinking

efficacy efficacy

Level 4

Therapeutic efficacy

Fryback et al.; The efficacy of diagnostic imaging; MDM 1991
Boverhof BJ et al, Radiology Al Deployment and Assessment Rubric (RADAR) to bring value-based Al into radiological practice. Erasmus MC

Insights Imaging. 2024 Feb 5;15(1):34



Level of efficacy

Level 6
Sacietal efficacy
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Therapeutic efficacy
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Technical efficacy
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Number of publications
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140
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Fryback et al.; The efficacy of diagnostic imaging; MDM 1991
van Leeuwen KG, Schalekamp S, Rutten MJCM, van Ginneken B, de Rooij M. Atrtificial intelligence in radiology: 100 commercially available products
and their scientific evidence. Eur Radiol. 2021 Jun;31(6):3797-3804. doi: 10.1007/s00330-021-07892-z. Epub 2021 Apr 15. PMID: 33856519; PMCID:

PMC8128724.

Efficacy Level

Level 6
Societal efficacy

Level 5
Patient outcome efficacy

Level 4
Therapeutic efficacy

Level 3
Diagnostic thinking efficacy

Level 2
Diagnostic accuracy efficacy
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30%

2020 (237 papers)
B 2023 (421 papers)

57%

100

150
Number of papers

Antonissen N, Tryfonos O, Houben IB, Jacobs C, de Rooij M, van Leeuwen KG. Artificial intelligence in radiology: 173 commercially available products
and their scientific evidence. Eur Radiol. 2026 Jan;36(1):526-536. doi: 10.1007/s00330-025-11830-8. Epub 2025 Jul 24. PMID: 40707732; PMCID:

PMC12711992.
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Value proposition

» Added value according to vendors:

Better decisions (33%)
Higher quality (31%)

Work acceleration(19%)
Cost reduction (10%)
Lowers work pressure(7%)

Mehrizi MHR, Gerritsen SH, de Klerk WM, Houtschild C, Dinnessen SMH, Zhao L, van Sommeren R, Zerfu A. How do providers of arl....._.. .......j..._ [

propose and legitimize the values of their solutions for supporting diagnostic radiology workflow? A technography study in 2021. Eur Radiol. 2023 Feb; 33(2) 915-924.

doi: 10.1007/s00330-022-09090-x. Epub 2022 Aug 18. PMID: 35980427; PMCID: PMC9889424. Erasmus MC
31/03/2026 Mun SK, Wong KH, Lo SB, Li Y, Bayarsaikhan S. Artificial Intelligence for the Future Radiology Diagnostic Service. Front Mol Biosci. 2021 Jan 28;7:614258. doi: 17 Za/wup

10.3389/fmolb.2020.614258. PMID: 33585563; PMCID: PMC7875875. N -
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Quality of
evidence

Lower

Systematic reviews and
meta-analyses of RCTs*

Randomized
controlled trials
" Lower
Cohort studies
Case-control studies
_ Risk of bias

Home > Radiology > Vol. 307, No. 2

< PREVIOUS

Original Research
Thoracic Imaging

NEXT 3

Al Improves Nodule Detection on Chest Radiographs
in a Health Screening Population: A Randomized

Controlled Trial

®ju cang Nam. Beui Jin Hwang, Jayoun Kim. Nanhee Park, Eun Hee Lee. Hyun Jin Kim. Miyeon Nam.

@Jong Hyuk Lee, @Chang Min Park, @jin Mo Goo &=

~ Author Affiliations

Published Online:Feb 7 2023 | https://doi.org/10.1148/radiol.221894

Case reports, case studies

Mechanistic studies

Editorials, expert opinion

31/03/2026

Gorenstein L, Soffer S, Apter S, Konen E, Klang E. Al in radiology: is it the time for randomized controlled trials? Eur Radiol. 2023 Jun;33(6):4223-4225. doi: 10.1007/s00330-022-

09381-3. Epub 2023 Jan 4. PMID: 36597003.

Higher

Interval cancer, sensitivity, and specificity comparing FYL)
Al-supported mammography screening with standard

double reading without Al in the MASAI study:

a randomised, controlled, non-inferiority, single-blinded,
population-based, screening-accuracy trial

Jessie Gommers, Veronica Hemstram, Viktorio Josefsson, Hanna Sartor, David Schmidt, Annie Hjelmgren, Anna-Maria Larssom, Solveig Hofvind,
Inguar Anderssan, Aldana Rosso, Oskar Hogberg, Kristing Ling

Summary

Background Evidence indicates that antificial intelligence (Al) can improve mammography screening by increasing  Lancet 2026 407: 50524
cancer detection and reducing screen reading workload, but its effect on interval cancers (primary breast cancers s commentpage 471
diagnosed belween two screening rounds or within 2 years after the last scheduled screening that were not detecled  pepartment of Medical

al screening) is unknown. We aimed lo compare the interval cancer rate in Al-supported mammography screening — Imaging, Radboud University
with standard double reading without AL Medical Centre, Nijmegen,
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Intervention group  Control group Proportion ratio p value
(n=53043) (n=52872)
Number of recalls® 1110 1027 NA NA
Mumber of screen-detected 138 262 NA MNA
cancers”
Mumber of interval cancers a2 93 MNA NA
Number of cancers in total 420 355 NA MNA
Interval cancer rate per 1000 1:55(1.23-1.92) 176 (1.42-215)  0-88 (0-65-1-18) 0-41
Sensitivity 80.5% (76-4-84-2) 738% (68.9-78-3) 1.09(1.01-118) 0.031
Specificity 98.5% (98-4-98-6) 98.5%(98-4-98-6) 1.00(0-99-1.01) 088
Data are n or point estimate {95% Cl). NA=not applicable. *Rates for recall and cancer detection have previously been
reported.’ The numbers are included for contextualisation of sensitivity and specificity.
Table 2: Interval cancer rate, sensitivity, and specificity

Gommers J, Hernstrém V, Josefsson V, Sartor H, Schmidt D, Hjelmgren A, Larsson AM, Hofvind S, Andersson I, Rosso A, Hagberg O, Lang K. Interval
cancer, sensitivity, and specificity comparing Al-supported mammography screening with standard double reading without Al in the MASAI study: a
randomised, controlled, non-inferiority, single-blinded, population-based, screening-accuracy trial. Lancet. 2026 Jan 31;407(10527):505-514. doi:
10.1016/S0140-6736(25)02464-X. PMID: 41620232.
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With Al Withoul Al
Author(s) and Year M a0 M S0 SMID [25% CI)
Chen el al. (2022} 175.7 14 219 24.2 —.— 25 202, -2.11]
Dima ol al. (2022) 223 1458 270 14aT - 092 |-0.54, -0.10]
Muallar et al. {2022)_consulan 380 121 ] 110 -—'-—| 0,12 [-0.47, D7)
Musller et al, {2032)_residen 437 140 70 180 H— 0.41 [-018, 1.00]
Yaooub at al, (3022} A 122 421 178 g2 -0U62 |-0.82, -0.41)
Random effects model summary (p = .30) —-—-—- 0,60 [0z 0.82]

31/03/2026

Standardized Mean Difference

Risk of bias in non-randomized studies (ROBINS-I)

Bias due to confounding

Bias due to selection of participants

Bias in classification of interventions

Bias due to deviations from intended interventions
Bias due to missing data

Bias in measurement of outcomes

Bias in selection of the reported result

Overall risk of bias

<)
F

25%

50%

75%

,..
(=]
7
R

|. Low risk D Moderats rak . Seonus risk . Critical rigk . No infcrmation I

Risk of bias in randomized studies (RoB 2)

Bias arising from the randomization process

Bias due to deviations from intended interventions

Bias due to missing outcome data

Bias in measurement of the outcome

Bias in selection of the reported result

Overall risk of bias

F

25%

50%

75%

._.
&

| . Low risk

D Some concerns

. High risk

Wenderott K, Krups J, Zaruchas F, Weigl M. Effects of artificial intelligence implementation on efficiency in medical imaging-a systematic
literature review and meta-analysis. NPJ Digit Med. 2024 Sep 30;7(1):265. doi: 10.1038/s41746-024-01248-9. PMID: 39349815; PMCID:

PMC11442995.
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CONCLUSIONS

» Radiology still at the forefront of Al in healthcare
* Increasing number of radiology Al tools available
» Mostly focused on imaging interpretation

* Proven added value limited

* Predominantly lack of solid scientific evidence

._|_|_ Technical Performance
_ £ Clinical Workflow

JePatient Outcomes

O v.
sponsible Al

¥ Re
Q Health System Value

* Radiology as Pioneer

Erasmus MC
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